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* Most errors due to unseen words (high OOV rate):
* English VVeb Treebank: | 1_gwram 2-gr;m 3_gra:n 4-gram ) e average word form ambiguity and POS bigram KL divergence low;
* Source: Ontonotes W5 thus, little space here for improvement for IW
* Target domains (5): . * Instead, robust improvements by using Wiktionary-based
answers, emails, reviews, weblogs, newsgroups b) randomly sampled welghts type constraints (Tackstrom et al., 201 3)
sampling * Future work: further weight functions, data sets, NLP tasks.
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